- W K “Driving the Future with Scientific Innovation”

MINAWIsTUUILATIzRIaulsaR MBI INAIND BN N TuNNE las 1F
ﬂ‘St‘]J’)%ﬂ']‘JLL‘LiGE‘hWiIB?JL?.I(ﬂ‘saEl‘[iﬂLl,azﬂ']iﬁi’ﬂl,l,%ﬂﬂ‘izmﬂiaEl‘[iﬂal”aﬂ
Tassdnadseamiiasnsedn
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DermaTrace — Confusion Matrix (ISIC 2018 test, n=1511)
Accuracy 80.2% -+ Macro-F1 70.4%
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4.2.3 HAaWBIEIADE NN (Qualitative Results)

Per-class performance (color = risk group) - Macro-F1 70.4%

Percent (%)

- Malignant
Pre-cancer
- penign

MEL N BCC AKIEC BKL DF VASC
nm (908) (93) 143) @217 (44} 135)
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